20154 1 A

%18 | R Vol.43 No.1
ACTA ELECTRONICA SINICA Jan. 2015

KL T Ryl oy Besg o B e 28 A0 R

’/ﬂ"\\HiJ”él ’ m?iﬁ_l ,/f?{,ﬁé%l ’é?*&Z
(1.2 ETRERAE R 5B bE , BT PE 22 7100775 228 22 TR KA KA 2 TR EBE , BRPE 7522 710038)

W OE: WSIREE, ATk — NS IE I B AR AR AR TH 1) AT L 2 48 0 AR R RS B AR E PR %
i — AR SCHR R R DX B AR R A 4R 43 AR R A T B 119 R 3 3 B ASE A8 A DL S B AE R T 4 Hh T 3%
T IR oy B 3 I AE R B BRI AT L i e, R PR A2 400 2 B DX S 8 B s %) R o (AR 5 SR, 70 24 i R B IX
3o 3 5 R R A3 e ST R0 DL S A T R X AR R 4G s RS, A A B 20 SR R e B AR AT B L Se e 4
SRR PR X H A 3 AR Ak i 18 o B S s R o B AR E AT AR R Y R B e I — I

KW PUIEEREE; RERAPBEL, DU At B R

hESES:  TP391.41 MERFRIREE: A XEHS:  0372-2112 (2015)01-0074-05

BT URL: hitp://www. ejournal . org. cn DOI: 10.3969/j.issn.0372-2112.2015.01.012

Online Visual Tracking Based on Local Patch Learning

YU Wang-sheng', TIAN Xiao-hua' , HOU Zhi-qgiang', ZHA Yu-fei’
(1. Information and Navigation College , Air Force Engineering University , Xi~ an , Shaanxi 710077, China ;
2. Aeronautics and Astronautics Engineering College , Air Force Engineering University , Xi~ an , Shaanxi 710038, China )

Abstract:

lems to improve tracking precision and stability. To resolve this problem, this paper proposes to construct a local patch model using

In visual tracking, how to construct an object model to cope with the appearance change is one of the key prob-

the initial labels of the pixels in tracking area,and proposes an online visual tracking algorithm based on local patch learning under
the framework of Bayesian theory. The detailed operation is as follows. Firstly, it constructs the local patch model according to the
initialized tracking area. Then, it utilizes the object model to learn the local patches in current tracking area and estimates the current
state via Bayes estimation. Finally, it updates the local patch model by feature clustering. The experiment results indicate that the

proposed algorithm obtains a distinct improvement in coping with appearance change, and exceeds the recent local patch-based

trackers in both tracking precision and stability .
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